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In the rapidly evolving landscape of banking and asset management, artificial intelligence has become a 
transformative force, and LLMs have emerged as key players, offering unprecedented potential for automation. 
This report examines the nuanced deployment of LLMs in the financial sector, exploring their application in 
day-to-day operations, model governance and the challenges of implementation
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The artificial intelligence (AI) revolution
Over the past year and a half since ChatGPT 
first took the world by storm, we have 
been amused, impressed and assisted by 
the clever responses of this revolutionary 
technology. However, one thing that 
rapidly became clear was that LLMs – the 
foundation of modern AI – are considerably 
less impressive when faced with tasks that 
require specialised jargon or deep insight 
into complex concepts.

This is hardly a surprise. These models 
learn primarily from the information available 
on the internet, where texts about complex 
trading and risk management concepts 
are relatively uncommon. As a result, the 
knowledge of financial markets is not well 
represented in AI training datasets. This makes 
out-of-the-box LLMs less effective for financial 
markets application.

CompatibL knows that AI-based enterprise 
trading and risk management solutions 
would require considerable investment in 
research and development (R&D). Yet the 
potential benefits were so great that, within 
two months of the release of ChatGPT, it 
allocated a significant share of its R&D 
budget to harness AI for enterprise capital 
markets application. This work resulted in 
CompatibL AI – the organisation’s platform for 
building LLM-driven solutions for trading, risk 
management and quantitative finance.

Since its introduction in early 2023, 
CompatibL AI has won two prestigious 
industry awards – the Risk Markets Technology 
Award for Best modelling innovation and 
the WatersTechnology American Financial 
Technology Award for Best new technology 
(AI and machine learning).

CompatibL’s research
Alongside electronic trading and sophisticated 
analytics, capital markets businesses use a 
surprising amount of unstructured natural 
language documents. These documents 
include trade confirmations, term sheets, 
offering memorandums, regulatory guidelines 
and many other natural language document 
types. Quantitative modelling also produces a 
large number of natural language documents 
as part of the model governance process.

In the absence of an industry-standard 
format, the style and structure of these 
documents vary widely from one firm to the 
next, and even between departments of the 
same firm. Business processes involving these 
documents have largely resisted automation, 
and must be performed manually by teams of 
highly qualified experts.

CompatibL recognised that the emergence 
of modern LLMs created an opportunity 
to automate comprehension, validation 
and generation of these complex natural 
language documents. 

CompatibL’s R&D team developed novel 
prompt-engineering and fine-tuning techniques 
to achieve optimal LLM performance for each 
document category. These innovations enabled 
CompatibL AI to assist with time‑consuming and 
tedious tasks in trading, risk management and 
quant research to a higher level of accuracy and 
competence compared to out-of-the-box LLMs.

Data security
Data security is a critical requirement for 
deploying AI in the financial industry – 
especially when processing sensitive internal 
documents. For an AI solution to be successful, 
it must offer enterprise-grade security to 
clients. This often requires working with 
clients’ existing and fully vetted cloud partner 
or deploying software on-premises. CompatibL 
offers both options for its AI solutions.

The partnership between Microsoft and 
OpenAI makes it possible to access generative 
pre-trained transformer – known as GPT – 
models inside banks’ Azure clouds. 

Banks’ data and content are subject to the 
same data protection policies as any other 
data in Azure, and are never sent to OpenAI or 
other third parties. For an even greater level of 
security, the Llama 2 model family provides an 
open-source alternative – completely within 
the banks’ control – that can be deployed by 
its own engineers on-premises or in a private 
cloud infrastructure.

CompatibL AI
At the forefront of change 
within the financial industry
The ongoing revolution in artificial intelligence offers tangible benefits in risk management and financial trading. 
By leveraging CompatibL AI, institutions can overcome the limits of large language models (LLMs) and gain accuracy, 
efficiency and better handling of natural language documents, while maintaining human control

CompatibL AI Sponsored feature
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Humans in control
Unsupervised AI can’t – and shouldn’t – replace 
humans in performing tasks related to trading or 
risk management. Instead, CompatibL AI works 
as a co‑pilot alongside human analysts to make 
their jobs less tedious and more rewarding. 

With CompatibL AI, humans always remain 
in control and sign off on the final product. 
An independent case study commissioned 
by a CompatibL client indicated that, with 
CompatibL AI performing the bulk of the work 
as a co-pilot supervised by human analysts, the 
overall time to perform common tasks such as 
trade entry was reduced by two to four times, 
while the accuracy was also improved.

AI will become increasingly competent over 
time and will be able to perform more complex 
tasks with less supervision. However, despite 
these expected advances, CompatibL’s approach 
will always rely on humans in the driving seat.

What-if analysis use case
What-if analysis is a critical and time-sensitive 
business function where the risk and capital 
requirements of a potential trade are analysed 
before it is executed. CompatibL AI uses the 
unique capabilities of LLMs to assist in and 
partially automate this important process.

While what-if analysis may not seem 
a natural use case for LLMs, the most 
time‑consuming and unreliable part of the 
process is trade entry from natural language 
trade specifications. Sometimes these 
specifications are obtained from term sheets 
provided by counterparties, and sometimes from 
emails or long email threads. Another important 
trade entry pathway is voice: performing trade 
entry based on verbal instructions.

While out-of-the-box LLMs can easily 
perform everyday tasks, none can provide 
the specialised comprehension suitable for 
trade entry. Only after models were enhanced 
through specialised prompts and then fine-
tuned on a carefully curated set of documents 
with human feedback were they able to 
perform this task reliably.

CompatibL AI can create a what-if trade 
from a complex term sheet or a long email 
thread, correctly choosing from hundreds of 
options. It can also locate an existing trade 
in the database based on natural language 
instructions and apply changes specified 
by the user to create a new trade. One of 
CompatibL’s clients reported that, for what-if 
analysis, CompatibL AI performed well in 
production and significantly cut the time 
required to enter a new trade.

Model governance use case
Model governance is a critical bank function 
that can only be performed by highly qualified 
teams. Its objectives are to exercise control over 
the model development process and lifecycle, 
ensure all model changes are authorised and 
properly implemented, document the models 
for management and regulators, keep complete 
and up‑to-date regulatory and internal model 
documentation, and publish accurate and 
comprehensive model release notes.

Each regulatory submission or internal models 
approval requires tens of documents that often 
reach 300–500 pages in length. Other than the 
effort required, the sheer amount of information 
in these documents increases the risk of 
inadvertent omissions and errors.

CompatibL AI uses LLMs to process 
and integrate information from model 
specifications, model test results, model 
revision history messages, regulatory 
guidelines and existing documents. It can look 
at every line of source code and every version 
control log message, perform an in-depth 
analysis of the prior documentation and 
release notes, as well as integrate all of this 
data in a nuanced and sophisticated way.

Feedback from CompatibL’s clients has 
been very encouraging. During production 
use, its software was able to identify gaps 
and required changes in model documents 
and release notes, and generate document 
amendments for approval by human analysts. 
CompatibL AI significantly improved the 
quality of the model governance process, 
while making the work of model governance 
analysts less repetitive and more fulfilling.

Conclusion
From the days of using hand signals to execute 
trades on an exchange floor, trading and risk 
management have come a long way towards 
electronic execution and process automation. 
Yet, for many financial instruments, it remains 
stubbornly manual and reliant on natural 
language documents.

CompatibL’s clients see its offering as 
a hugely important step towards greater 
reliability and efficiency in dealing with natural 
language documents within trading and risk. 
CompatibL is proud to be at the forefront 
of this revolutionary change in the financial 
industry brought about by the emergence 
of AI. ■

CompatibL AISponsored feature

BENEFITS OF USING COMPATIBL AI FOR WHAT-IF ANALYSIS

• �Perform trade capture for what-if analysis from:
• �Email chains
• �Term sheets in text or PDF format
• �Unstructured data
• �Voice instructions

• �Configure risk calculations based on natural language rules and regulatory guidelines.
• �Use co-pilot and chat modes to provide additional instructions or apply changes.

BENEFITS OF USING COMPATIBL AI FOR MODEL GOVERNANCE

• �Exercise control over the model lifecycle and source code at the level of detail that 
would be impractical without AI assistance.

• �Verify code changes are correctly described in Jira tickets and Git revision messages.
• �Keep regulatory and internal models documentation in sync with code changes 
• �Generate meaningful and comprehensive release note summaries.

“Unsupervised AI can’t – and shouldn’t – replace humans in 
performing tasks related to trading or risk management. Instead, 
CompatibL AI works as a co‑pilot alongside human analysts to 
make their jobs less tedious and more rewarding”  
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Alexander Sokol

Founder and executive chairman

www.compatibl.com

How are banks and asset managers leveraging LLMs in their 
day-to-day operations and decision-making processes?
Alexander Sokol, CompatibL: Artificial intelligence (AI) has taken 
the world by storm, and the banking and asset management industry 
is no exception. After a very short period of hesitation, most banks, 
asset managers and hedge funds embraced AI and have been exploring 
its use in many different applications across their businesses. It was 
perhaps inevitable that some of these efforts ran too far ahead of the 
current stage in AI model evolution.

There is no doubt that AI will become increasingly competent over 
time and will be able to perform more and increasingly complex and 
critical tasks with less supervision. However, the current state of the art 
for these models falls short, especially when they are used out of the 
box without being fine-tuned on financial industry documents. These 
documents use highly specialised vocabulary and complex concepts 
that are not well represented in the public datasets used to develop the 
LLMs for training purposes.

It is very important to recognise that even today’s best LLMs 
are not capable of generating a complex regulatory filing or an 
investor prospectus without human supervision. And, without human 
supervision, today’s LLMs will inevitably produce documents riddled 
with errors that may have far-reaching negative consequences, 
including regulatory action or investor lawsuits. This is no surprise – 
after all, a reputable organisation would never consider delegating the 
drafting and filing of these documents to an intern or a junior employee 
without senior supervision.

Successful applications of AI in banking and asset management 
require not only fine-tuning LLMs on the financial vocabulary, but 

also using them in a co-pilot capacity, ensuring employees with the 
appropriate level of skill retain firm control. This is the approach 
CompatibL took for its first AI product – the AI Co-Pilot.

Andrew Chin, Alliance Bernstein: Asset managers are leveraging 
LLMs across their organisations – from investments to distribution 
to back-office functions. They are looking at LLMs to become more 
effective in synthesising insights faster, while also being more efficient 
at handling larger volumes of data.

In a data-rich environment, LLMs are valuable – particularly in 
handling diverse data formats such as text, audio and video. Much of 
this data can be transcribed to text, presenting enormous opportunities 
for natural language processing (NLP). As a branch of AI focused on 
understanding and interpreting textual and spoken data, NLP is the 
lowest-hanging fruit in this arena. These techniques allow us to ingest 
very large quantities of incoming data and synthesise it to suggest 
actions. LLMs, in turn, provide the tools and building blocks for us 
to leverage NLP. Investment professionals facing the challenge of 
discerning themes and extracting actionable insights from millions of 
data points can benefit from NLP-based tools that efficiently analyse 
data, minimise errors and operate continuously.

Christian Hull: Compared to the much more mature field of 
machine learning, LLMs are very new, and capital markets firms 
are naturally cautious. They are all talking about LLMs, but closer 
examination often reveals that many are still in the proof-of-concept 
stage. If firms have any LLMs already in production, they are probably 
limited to internal use cases or carry very little client value or risk. It may 
sound dismissive, but this cautious approach is rooted in the financial 
services industry’s mature understanding of risk.

The fine line with LLMs 
Financial institutions’ 
cautious embrace of AI
The integration of LLMs has emerged as a pivotal force reshaping industry practices, while redefining how banks and 
asset managers operate in an increasingly complex environment. Here, industry experts discuss the multifaceted roles 
LLMs play in enhancing efficiency, mitigating risks and revolutionising decision‑making processes

THE PANEL
Alexander Sokol, Founder and executive chairman, CompatibL
Andrew Chin, Head of investment solutions and sciences, 
Alliance Bernstein 
Christian Hull, Former head of innovation, Emea, BNY Mellon

Q&A

http://www.compatibl.com
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What are the most promising LLM applications and use cases 
for capital markets firms, and how will this change?
Alexander Sokol: Model governance is uniquely suited for the 
application of LLMs. It is a critical bank function with multiple 
stakeholders, including the bank’s auditors and regulators. Its objectives 
are to exercise control over the model development process and lifecycle, 
ensure that all model changes are authorised and properly implemented, 
document the models for the management and regulators, keep 
complete and up-to-date regulatory and internal model documentation, 
and publish accurate and comprehensive model release notes.

Model governance requires a tremendous amount of time and effort 
and can only be performed by a highly qualified team that consists 
of quants and risk experts. Each regulatory submission or internal 
model approval requires tens of documents that often reach 300–500 
pages. Other than the effort required, the sheer amount of information 
in these documents increases the risk of inadvertent omissions and 
errors. Among other business functions in banking, model governance 
involves dealing with extraordinarily large volumes of natural language 
text (model documents) and source code (model libraries).

CompatibL recognised the unique potential of LLMs to assist in and 
partially automate model governance in early 2023. This led to the 
development of CompatibL‘s AI Co-Pilot for model governance.

Before the introduction of this product, model governance solutions 
provided a limited degree of automation based on rigid templates, and 
were unable to comprehend free‑form documents or source code, or 
reconcile multiple sources of information.

What makes CompatibL’s AI Co-Pilot so successful is the unique 
way it uses LLMs to process and integrate information from model 
specifications, model test results, model revision history messages, 
existing documents and regulatory guidelines.

The AI Co-Pilot for model governance performs labour-intensive and 
time-consuming work that would be unfeasible for even a large human 
team to accomplish without AI assistance. It can look at every line of 
source code and every version control log message, perform an in-depth 
analysis of the prior documentation and release notes, integrating all of this 
data in a nuanced and sophisticated manner. It can also cross-reference 
the resulting documents with the specific lines of source code – which 
is tremendously helpful to the bank examiners and internal risk control 
function, but is rarely done because of the time and effort involved.

In addition to generating drafts of model governance documents, 
CompatibL’s AI Co-Pilot can also flag areas of concern inside the source 
code, including potential bugs, discrepancies between the source code 
of the model and how the model is described in the documentation, or 
the use of numerical methods and modelling techniques that were not 
intended or approved. For example, during a recent routine production 
use by a client, our software was able to detect a model code change 
that involved the unapproved use of an approximate numerical method. 
This was not reflected in the documentation or signed off by risk 
control, so the discrepancy was flagged for further investigation and 
remediation. Without the use of the AI Co-Pilot, the discrepancy may 
have been missed or discovered after the model went into production.

The way AI is used by CompatibL perfectly fits the capabilities of 
today’s LLMs. Each call to an LLM is limited to a specific, well-defined 
task over a limited set of data. We are not asking LLMs to write 
the entire model governance document or propose a model test 
framework – doing so would go beyond the current LLM capabilities 
and would not produce acceptable results today. 

Only when the LLMs evolve and improve further will we give them 
a broader set of tasks over larger datasets. We believe the key to 
successfully evolving AI solutions within the banking industry is to 
follow evolving LLM capabilities, without getting ahead of them, and to 
always keep humans in control.

Andrew Chin

Head of investment 
solutions and sciences

Alliance Bernstein 
www.alliancebernstein.com

Andrew Chin: In today’s capital markets, LLMs find promise in various 
applications. First, they excel in interpreting text and efficiently performing 
tasks such as entity recognition and sentiment analysis. For instance, 
LLMs can objectively determine the positivity or negativity of a document, 
offering consistency. In addition, LLMs can be fine-tuned to provide 
responses that are more consistent with our thought processes.

Another key application is summarisation and topic modelling. LLMs 
simplify workflows by summarising lengthy documents such as company/
regulatory filings or conference calls, providing quick insights into trends. 

Chatbots leverage LLMs by enabling users to access information 
seamlessly, freeing resources in areas such as customer service or 
compliance queries. Content creation is also a notable use case, where 
LLMs, once fine-tuned, generate market or client commentaries, serving as 
valuable starting points for human writers. Finally, in search and question 
answering, LLMs save time for analysts by efficiently retrieving specific 
information from extensive documents. An example is searching for 
environmental, social and governance metrics within a company to track 
and monitor performance. In all of these cases, fine-tuning and prompt-
engineering are important to ensure tasks are performed appropriately.

Christian Hull: Given their focus on processing text data, LLMs show 
significant potential in fields such as investment analysis and customer 
service within financial services. In these areas, language serves as a key 
dataset, unlike operations or payments, for example. Well-trained LLMs 
will be able to deliver consistent analysis on a large scale, and can offer 
timely and accurate feedback to clients.

How are banks and asset managers exploring different 
delivery models for implementing LLMs, and what factors 
influence these decisions?
Alexander Sokol: The main consideration for banks in choosing a 
delivery model is the need for data security. The optimal delivery model 
looks quite different for sensitive data (such as the bank’s portfolio), 
versus non-sensitive public data (such as quarterly filings).

Most firms will not consider sending their most sensitive data to LLM 
developers such as OpenAI until these firms can demonstrate a track 
record of security. While enterprise subscription is now available from 
OpenAI for its highly capable generative pre-trained transformer (GPT) 
model family, most banks will prefer to use traditional cloud partners 
such as Azure or Amazon Web Services, or run LLMs on-premises using 
their own graphics processing units.

Q&A
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The partnership between Microsoft and OpenAI provides the ability 
to run GPT LLMs within Azure, without any data being sent to OpenAI 
servers. This is the preferred deployment option for firms that use GPT 
models. For banks and asset managers that use the Llama 2 model 
family, even more options for working with sensitive data are available. 
Because these models are open source, they can run inside the bank’s 
own cloud for any cloud vendor, or on-premises.

Many applications of LLMs do not require sensitive data. For 
example, a bank may use LLMs to analyse regulatory guidelines, 
quarterly filings and other publicly available information. For non-
sensitive data, a cloud deployment model provides the ability to scale 
the performance – namely, submit many LLM requests at the same time 
and have them run in parallel. This is something that would otherwise 
require a massive investment in on-premises hardware, which would 
remain idle most of the time.

Andrew Chin: Many firms have explored and piloted LLM applications 
over the past year. As these firms look to implement and scale these 
applications across their organisations, they may need new ways to 
deploy these models. 

For example, continuously improving LLMs involves capturing real-
time feedback from users as they interact with the models. This approach 
requires users to provide explicit feedback and recommendations during 
their usage, generating valuable labels and annotations for fine-tuning. 

Another influencing factor is the dynamic landscape of LLMs in the 
marketplace. While OpenAI currently holds an advantage, the rapid 
evolution – especially among large tech firms – underscores the need 
for modular pipelines and code. Ensuring upfront flexibility in design 
enables us to adapt to evolving LLM options in the future.

Christian Hull: Many agile firms are building minimum viable products 
with LLMs to prove their use cases. The degree of application finesse 
they wrap around the LLM will depend on the end-user, whether 
internal or external. In many cases, firms aim to seamlessly integrate 
LLMs into their services without making clients explicitly aware of their 
use. This may involve obfuscating the role of LLMs in the background. 
Over time, as the AI hype curve normalises, the acceptance of AI services 
is expected to increase. However, firms are still proceeding with caution.

What challenges have you 
encountered in the adoption and 
implementation of LLMs, and how 
are you addressing them?
Alexander Sokol: As with any new 
technology, challenges and growing 
pains will exist until the LLM technology 
matures. CompatibL has been able to 
gain experience with the most powerful 
commercial LLMs through its early 
adoption of this technology, to help our 
clients navigate these challenges.

One of the prerequisites of making 
LLMs part of enterprise software is the 
ability to perform quality assurance of 
LLM-based solutions. Regression-testing 
is an essential part of software quality 
assurance, which involves running 
known use cases through each new 

version of the software to ensure either the results have not changed, 
or that they have improved.

The machine learning algorithms inside LLMs make regression-testing 
challenging due to the variation of the responses that occur from one 
query to the next, even if the inputs are identical. There are two sources 
of this variation. One of them is the random seed used by the models to 
generate responses. Previously, the seed was internally generated within 
GPT models, which made it very difficult to test enterprise solutions. The 
recent announcement from OpenAI that it will allow users to provide 
the seed in the new version of the OpenAI application programming 
interface goes a long way towards addressing this important issue. 
For Llama 2 models, users have always been able to pass their own 
seed, as these models are open source. 

Even with user-supplied seeds, LLMs exhibit a natural variation of 
responses to the same query. This variation is caused by numerical 
round-off error within the neural network powering the model. The test 
suite for CompatibL’s AI Co-Pilot uses the advanced test methodologies 
we developed, which makes it possible to perform reliable testing even 
in the presence of such variability.

Andrew Chin: Adopting LLMs presents challenges – particularly in 
addressing ‘hallucinations’ to ensure user trust. Alliance Bernstein 
employs fine‑tuning, prompt-engineering and retrieval-augmented 
generation (RAG) to mitigate this issue. Fine-tuning involves gathering 
real responses from analysts, enhancing model training for specific 
tasks. Effective prompts and providing context alongside examples 
significantly improve LLM response quality. RAG restricts LLMs to 
predefined search areas, reducing the risk of fabricated answers. 
Model explainability enhances trust by clarifying the origin of answers.

We also believe LLMs should not be used blindly. While decision-
making can be improved with LLMs, our analysts and employees must 
ultimately be accountable for the final decisions. The Marvel character 
Iron Man can serve as inspiration here – we want to integrate a 
technologically proficient human expert in a specific field, such as 
financial analysis, with an AI-powered assistant that can take in a 
massive amount of input, analyse it and then suggest actions. This 
setup allows human overrides based on expertise, emphasising human 
ownership of final decisions, with LLMs providing analysis and context.

Q&A
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Christian Hull: I see the lack of explainability as a significant 
challenge in the adoption of LLMs. However, this is a human issue – not 
a technological one. Risk and compliance teams will need to decide 
where they can relax their risk appetites, and where these must remain 
steadfast. Demand for explainability in human action lacks a verifiable 
necessity, suggesting it is unlikely to remain a requirement for LLMs in 
the long term. The question revolves around how long it will take to 
make that adjustment to risk perception and policies.

What governance frameworks is your organisation putting 
in place to ensure the responsible and ethical use of LLMs – 
particularly in the context of sensitive financial data?
Alexander Sokol: Leaking sensitive financial data – especially personally 
identifiable information – can lead to serious reputational, regulatory and 
legal consequences for banks and asset managers using AI. The ability of 
hackers to get LLMs to disclose the sensitive information fed into them is 
well known. Until there is a comprehensive solution to this problem, no 
client-facing LLM solutions or chatbots should have access to sensitive 
data. Another concern is the ability of bad actors to reprogram the model 
by carefully crafted prompts, where the model forgets its guardrails and 
starts producing objectionable, or biased, information.

Most, if not all, of these issues are related to giving banks’ retail 
clients and the general public the ability to interact with LLMs directly. 
This is not the mode of operation used by CompatibL’s AI Co-Pilot.

Our AI Co-Pilot software is designed to be used by bank employees 
in a closely supervised manner, with a full audit log of all interactions 
with the model. The bank’s retail clients, the general public or any 
outside users do not have access to the LLMs within CompatibL’s AI 
Co-Pilot. This deployment approach is an important part of ensuring 
responsible and ethical use of our software. In addition to having 
sophisticated guardrails that cannot be breached easily, any attempt 
to bypass them will be highlighted for immediate investigation with all 
relevant data available in the audit log.

Andrew Chin: In navigating the risks tied to LLMs – especially those 
concerning sensitive financial data – Alliance Bernstein is committed 
to a responsible and ethical approach. Various challenges, such as data 
security, privacy, hallucinations, biases and automation risks, come into 
play, impacting the ethical use of LLMs. To ensure responsible use, we 
have set up several committees. The firm-wide AI Committee oversees 
our AI usage and associated data. The Model Risk Committee ensures 
the proper use of models, while the Vendor Oversight Committee 
manages relationships with external partners. Addressing data privacy 
concerns falls under the purview of the Data Privacy Committee.

These committees mitigate risks associated with the usage of 
LLMs and the underlying data. Clear policies and guidelines are also 
important as a part of the overall governance programme.

Christian Hull: Regulated firms already maintain robust governance 
measures that should cover model, data and technology risks. I 
recommend carefully reviewing existing processes with AI in mind, and 
incorporating additional checks where necessary. The real challenge 
lies in making governance processes fast and effective. Dealing with 
complex models can pose challenges in the risk approval process, 
potentially hindering a firm’s competitive edge. To address this, I 
suggest looking to tech-native firms as examples and learning how they 
manage risk with agility and efficiency.

To what extent will regulatory restrictions limit the adoption 
and deployment of LLMs in the financial sector?
Alexander Sokol: Classic quant models generate prices and risk – 
something humans cannot calculate or validate directly. This is why 
model validation for classic quant models, on the one hand, involves 
validating the code that produces these numbers and analysing test 
results on sample data.

On the other, LLMs consume and generate natural language 
documents. Here the situation is the exact opposite: humans are 
not able to validate the complex machine learning code inside 
LLMs that produces these results, but are able to validate the model 
output – the natural language documents and data it produces, for 
example. The ability of humans to perform validation and sign-off on 
LLM outputs is what makes the use of this technology acceptable to 
the regulators.

Consensus regarding the use of LLM-based tools such as CompatibL’s 
AI Co-Pilot is that LLM-generated and human-validated documents 
should be treated the same as documents drafted by a human from 
start to finish, as long the human has ultimate responsibility for signing 
off on the result. 

In CompatibL’s AI Co-Pilot, the requirement that a human analyst 
must validate each LLM output is built into the system. This feature 
of AI Co-Pilot’s design guarantees that no output can be provided to 
downstream systems without an audit log record of human validation 
and sign-off.

Andrew Chin: Regulatory restrictions and guidance will always inform 
how we operate and the types of tools we use. As more regulators 
worldwide release frameworks and expectations in the coming years, 
we may need to adjust how we are using LLMs. 

Christian Hull: Regulators are showing an encouraging amount 
of global cohesion in addressing AI concerns. Initiatives such as 
the European Union’s AI Act, or US president Joe Biden’s Executive 
Order on the Safe, Secure, and Trustworthy Development and Use 
of AI, underscore a shared focus on fundamental risks. Most firms 
tend to align with regulatory objectives. While complying with 
AI regulations introduces additional reporting burdens, it isn’t a 
material obstacle for large financial service firms. However, the 
costs may pose limitations – particularly for smaller firms or specific 
business cases. n

Christian Hull

Former head of innovation, Emea

BNY Mellon

www.bnymellon.com

>> The panellists’ responses to our questionnaire were made in a 
personal capacity, and the views expressed herein do not necessarily 
reflect or represent the views of their employing institutions.

Q&A
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Ð��ÒÐ¬ÒÔÆ»Òµ¬·ËÒ¤Ð¢±Ò²¢Ð¶Á¸Ô°
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+ !»¢�Ð¢½ÒÔ¢·¶»Ò¸·²ÔÁ¢»Ò�¢Ð½Ò¬·ÔÁ¢·ËÒË·¬ÄÁ·Ä»Ò¶»À¸¢Ã²ÔÃÐ¬ÀÒ

Ð¢Ò»�»¬Ò»½·ÃËÒ¸Æ·Ã¬ÀÒ�Ð¢ÒÔ¢·¶»Ò»¬Ô¢ÎÒ·¬¶Ò¤Æ·Ô�Ã�Ò·¬·ËÎÀÃÀ�

+ 
¬Ô»¢ÒÔ¢·¶»ÀÒ�¢Ð½Ò¬·ÔÁ¢·ËÒË·¬ÄÁ·Ä»ÒÔ»¢½ÒÀÆ»»ÔÀÒ·¬¶ÒÔ¢·¶»Ò

¸Ð¬µ¢½·ÔÃÐ¬ÀÒÃ¬ÒÔ»�ÔÒÐ¢Ò!)%Ò�Ð¢½·Ô�

+ ÏÐ¬µÄÁ¢»Ò¢ÃÀ±Ò¸·Ë¸ÁË·ÔÃÐ¬ÀÒÈ·À»¶ÒÐ¬Ò¬·ÔÁ¢·ËÒË·¬ÄÁ·Ä»Ò¢ÁË»ÀÒ

·¬¶Ò¢»ÄÁË·ÔÐ¢ÎÒÄÁÃ¶»ËÃ¬»À�

+ �À»Ò¸Ð�²ÃËÐÔÒ·¬¶Ò¸Æ·ÔÒ½Ð¶»ÀÒÔÐÒ²¢Ð�Ã¶»Ò·¶¶ÃÔÃÐ¬·ËÒ

Ã¬ÀÔ¢Á¸ÔÃÐ¬ÀÒÐ¢Ò·²²ËÎÒ¸Æ·¬Ä»À�

8=ª9¾Ñ7«Í=2Ñª«9Ñ?1ªÍ-<¹Ñ;«ªÓ2Ì¨Ì

+ 
�»¢¸ÃÀ»Ò¸Ð¬Ô¢ÐËÒÐ�»¢ÒÔÆ»Ò½Ð¶»ËÒËÃ�»¸Î¸Ë»Ò·¬¶ÒÀÐÁ¢¸»Ò¸Ð¶»Ò

·ÔÒÔÆ»ÒË»�»ËÒÐ�Ò¶»Ô·ÃËÒÔÆ·ÔÒ¤ÐÁË¶ÒÈ»ÒÃ½²¢·¸ÔÃ¸·ËÒ¤ÃÔÆÐÁT

ÅÉÒ·ÀÀÃÀÔ·¬¸»�

+ c»¢Ã�ÎÒÔÆ·ÔÒ¸Ð¶»Ò¸Æ·¬Ä»ÀÒ·¢»Ò¸Ð¢¢»¸ÔËÎÒ¶»À¸¢ÃÈ»¶ÒÃ¬ÒFÉDÅÒ

ÔÃ¸±»ÔÀÒ·¬¶ÒBÉAÒ¢»�ÃÀÃÐ¬Ò½»ÀÀ·Ä»À�

+ g»»²Ò¢»ÄÁË·ÔÐ¢ÎÒ·¬¶ÒÃ¬Ô»¢¬·ËÒ½Ð¶»ËÒ¶Ð¸Á½»¬Ô·ÔÃÐ¬ÒÃ¬ÒÀÎ¬¸Ò

¤ÃÔÆÒ¸Ð¶»Ò¸Æ·¬Ä»À�

+ B»¬»¢·Ô»Ò½»·¬Ã¬Ä�ÁËÒ·¬¶Ò¸Ð½²¢»Æ»¬ÀÃ�»Ò¢»Ë»·À»Ò¬ÐÔ»Ò

ÀÁ½½·¢Ã»À�
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